USING GENAI-DERIVED MAJORITARIAN PATTERNS IN LEGAL ADJUDICATION

Generative Al (GenAl) systems today are primarily optimized to meet user
expectations—emphasizing fluency, helpfulness, and alighment with prevailing norms
(Lambert, 2022; Marcus, 2024). Yet this same design orientation obscures another crucial
potential: GenAlI’s capacity to function as an epistemic instrument, capable of illuminating
social regularities and offering new forms of empirical input for legal adjudication (Arbel
& David A. Hoffman, 2024). This neglected potential exemplifies an #ndone area of
computer science—an opportunity foregone by research priorities that privilege user
experience and safety over interpretive and analytical exploration.

This paper argues that GenAl systems, despite their well-documented biases, can
yield insight into the shared linguistic, cultural, and behavioral norms that underpin many
judicial standards (Feldman, 2022; Bail, 2024). When approached with methodological
rigor and procedural safeguards, GenAl-derived majoritarian signals can help courts interpret
open-textured legal concepts that already defer to majoritarian practice—such as reasonable
care, ordinary meaning, and generic use (Arbel, 2025; Snell, 2024; Hacohen & Elkin-Koren,
2024).

Across legal doctrine, many judicial standards rely—explicitly or implicitly—on the
ordinary understandings of the majority. In tort law, courts assess “reasonable care”
through prevailing social practices (Gibson, 1941); in contract law, they fill interpretive
gaps based on terms most parties would likely have agreed upon (Barnett, 1992); in
trademark and copyright law, determinations of genericity or originality depend on
widespread usage and perception (Goldman, 2024). Yet the empirical foundations for
identifying such majoritarian benchmarks have long been unstable. Surveys, dictionaries,
and expert testimony—the traditional tools for gauging common understanding—are
costly, inconsistent, and methodologically opaque (Lee & Mouritsen, 2018).

Foundation models offer a novel empirical alternative. Trained on massive corpora
of human communication, they encode statistical regularities that approximate social
consensus in language use (Haviv, 2023; Zhang, 2023; Chen, 2025). These regularities—
what computational social scientists call majoritarian signals—capture how societies
collectively produce meaning (Grossmann, 2023). When carefully interpreted, such signals
can serve as epistemic mirrors of the linguistic and cultural expectations that legal standards
seek to reflect (Gopnik, 2024). GenATI’s outputs, in this sense, can help courts approximate
ordinary meaning or customary practice without displacing normative judgment. Rather
than dictating outcomes, these models can illuminate the linguistic and behavioral terrain
within which judicial reasoning already operates.

Incorporating GenAl-derived signals into adjudication, however, raises substantial
methodological challenges (Grimmelmann, Sobel, & Stein, 2025; Choi, 2025). Extracting
reliable signals requires confronting model opacity, training-data bias, post-training
alignhment, and prompt sensitivity. Closed-source models like GPT offer limited
transparency, while open-source alternatives may trade off performance for verifiability.
Even small variations in architecture, fine-tuning, or prompt phrasing can produce
divergent outputs—complicating any claim that a signal reflects genuine majoritarian
understanding. Moreover, the data underlying foundation models may reproduce historical



inequalities rather than contemporary norms, risking the reinforcement of exclusionary
practices (Shur-Ofry, 2025).

Yet these epistemic challenges are not unique to Al; they echo the fragilities of
expert evidence, surveys, and dictionaries already used in court (Weatherall, 2017; Lee &
Mouritsen, 2018). What distinguishes law is its procedural infrastructure for vetting,
contesting, and contextualizing evidence through adversarial testing and evidentiary rules
(Roth, 2017). Cross-examination can expose modeling assumptions; expert testimony can
frame methodological limitations; and burden-shifting mechanisms can structure how
parties use or rebut GenAl-derived signals. In this way, courts can transform AI’s technical
uncertainties into sites of reasoned evaluation—turning epistemic risk into institutional
learning.

The paper’s contribution is both conceptual and institutional. Conceptually, it
reconceives foundation-model bias as a form of distributed cultural knowledge that, under
the right conditions, can inform legal interpretation. Institutionally, it proposes that
procedural safeguards—admissibility standards, expert scrutiny, and adversarial rebuttal—
provide a pragmatic pathway for integrating GenAl into adjudication without undermining
fairness or legitimacy. The result is a reframed vision of Al and law: one that treats GenAl
not as an oracle of truth or a source of distortion, but as an empirical witness to the
linguistic and normative patterns through which societies understand themselves.
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